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Introduction 

Increasingly, banks use external data for assessing credit risk of corporate loans portfolios. The reasons for that 

range from external data availability and quality and lack of internal data to the need for more advanced 

quantitative methods. More data is needed, and many data vendors can supply it.  

Based on our experience at Probability & Partners with Credit Risk data and modelling we have identified 6 key 

questions that will help you in making a well informed decision about how your institution can benefit from 

external data and which data vendor you should chose. Following our framework, you make sure that you get 

the most information about the dataset possible before purchasing it and you minimize the risk of costly 

iterations or a potential disappointment. 

 

The model 

An important aspect to take into consideration is if the data will be used in regulatory credit modelling. If not, 

the determining factors for choosing the data provider can be solely based on the needs of your institution 

and the specifics of the project at hand. However, if the answer is yes, it is not only your own criteria but also 

the criteria of the regulatory bodies against which your Credit Risk models will be assessed. 

The decision model we introduce in this paper is relevant for the regulatory Credit Risk corporate PD models. 

The questions we use relate directly to data representativeness that is crucial in the European Banking 

Authority (EBA) Guidelines on PD estimation, LGD estimation and the treatment of defaulted exposures. But 

besides for regulatory purposes this decision tree is also useful for non-regulatory modelling as it will support 

you to take well informed decisions about data vendors to use in order to get the most quality out of your 

models. 

Key takeaways 

We have identified six key questions for decision making with respect to using datasets from external 

providers. When being used as regulatory models, specific requirements are applicable. Our approach – as 

described in this paper – is applicable for both regulatory and non-regulatory models. The approach 

focusses on six key questions regarding definition of default, granularity, scope of application, data sample, 

number of defaults in the dataset and the availability and quality of the explanatory variables, and will 

guide you to make well informed decisions before purchasing datasets. These are generic points of 

attention, applicable for most institutions. To make this approach more tailored to your institution, your 

own specific additional needs can be incorporated. 
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Below is the decision model we propose. In the rest of this paper we will explain this approach further. 

 

 
Figure 1 - 6 key questions to consider when assessing external corporate credit data 

The key questions 

1. What is the definition of default in the data provided by the data vendor? 

First important question is whether the way that defaults are defined by the external data vendor matches the 

internal default definition of your institution. EBA guidelines tell specifically how to define the default event 

and banks are required to follow this exact definition. However, data vendors are not bound by EBA guidelines, 

and it is crucial to make sure that the internal and external default definitions are aligned. If they differ, it must 

be possible to mitigate those differences by means of statistical methods, for example, by comparing and 

appropriately adjusting the default rates of the two datasets. Finally, you could consider using the external 

dataset only for risk differentiation and perform risk quantification based on the internal default rates. 

Potentially, an appropriate Margin of Conservatism will be needed in this case. 
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2. Does the level of granularity of the external data correspond to the segments’ definitions in your 

portfolio? 

To use an external dataset for modelling a specific segment of a loan portfolio, you need to prove that the 

dataset is representative for that segment. There are several representativeness aspects that you should 

consider. One of them is the ‘Scope of application’, which is a part of the portfolio clearly defined by a 

consistent set of rules and for which the statistical model will be built.  

The preliminary condition for investigation of the ‘Scope of application’ is that the internal criteria for 

identifying a segment can be also found in the external data set (for example: industry, geography, type of a 

loan). If that is not the case and the characteristics used to identify internal portfolio segments are not available 

in the external data sample (usually because the internal segmentation is more granular) one can try 

aggregating the segments until matching granularity can be achieved. 

3. Does the external data coverage contain the Scope of application of your portfolio? 

Once you determined that segment definitions for your portfolio can be applied to the external data, you need 

to establish whether enough data for those segments are available. For example, if you identify that one of 

your segments is construction companies based in the Netherlands, you should check whether data with such 

characteristics are available in the data set of the external data vendor.  

This should be the case for all segments unless you can prove that the segments for which the data is missing 

are well represented by the segments for which the data is available. For example, consider an institution that 

sells loans to clients in the Netherlands and in France. However, the external dataset only covers Dutch loans. 

If it can be proven that the risk profile of French loans is similar to the Dutch ones, you can proceed with using 

the Dutch data for modelling both parts of the portfolio (potentially adding appropriate Margin of 

Conservatism). 

4. Are you able to draw a representative data sample for your portfolio from the external dataset? 

Even if the data within the Scope of Application of your segments can be obtained from the external data, it 

might be still not enough to prove the homogeneity of the internal and external data samples. To further 

substantiate your choices, you can perform statistical tests (assuming that the quality of explanatory variables 

in both datasets is sufficient to obtain statistically significant results), for example, by calculating a Population 

Stability Index comparing the two datasets. Even when the tests fail initially (which they might since the initial 

external dataset will most probably be larger than the internal dataset), you can create a representative data 

sample through, e.g., stratified sampling. 

5. Is the number of defaults in the external dataset enough for modelling each of the segments? 

In contrast to what is beneficial for business, in Credit Risk more defaults (and not fewer) ensure modelling 

success. Number of defaults in a portfolio (or a segment) is a crucial factor to determine whether a statistical 

Credit Risk model can be built. Smaller institutions or new lines of business often struggle with low number of 

defaults (or even their lack). Using external data can be a tremendous help for an institution which internally 

has not registered enough defaults to build a statistically sound model. 

The number of defaults considered necessary for modelling can differ substantially between institutions. 

Preferably, one should have a minimum of 150 defaults per portfolio over a period of 7-10 years. Such number 

is often not available for corporate loans and models have been built with as few as 10-15 defaults per 
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segment. When deciding on purchasing the data from an external data vendor you should set a feasible lower 

bound specific to your case and investigate the data availability to that extent. 

6. What is the availability and quality of the variables that could be used for modelling? 

Once you have established that the Scope of application of the internal dataset is covered by the external data 

set, that the definition of default is aligned with the internal definition (or the differences can be mitigated) 

and that the number of defaults within each segment is sufficient for modelling, now you should investigate 

the quality of the data. Key areas to look at are: 

• Length of the dataset  

Does the dataset cover a good mixture of good and bad years so that accurate through-the-cycle estimates 

can be obtained? 

• Timeliness of default data 

How timely the defaults are recorded, and can the origination of the event be accurately traced? Do the 

timestamps in the external default data match with the internal data?  

• Timeliness of risk characteristics 

How timely are the data recorded by the data vendor? What is the lag between, for example, publication 

of the yearly figures by a company and those figures appearing in the external database? 

• Missing data 

How good is the quality of the data for your segments? Are the typical variables that are used in Credit 

Risk modelling (such as financial ratios) available or possible to calculate using the external data? What is 

the percentage of missing values, especially for the defaulted companies 1 year prior to default? 

• Non-financial data availability 

Are non-financial risk characteristics, such as company age, management quality etc. available in the 

external data? Together with more traditional financial variables (such as Balance Sheet and Profit and 

Loss information) these variables are known to be successful in predicting corporate defaults. 

Other aspects to consider 

On top of the above considerations (related in a big part to the feasibility of using the external data for 

regulatory modelling), here are two additional areas which will help you choose between Credit Risk data 

vendors from a usability perspective.  

Is the data delivery infrastructure easy to integrate into your modelling pipeline? 

The important aspects of the data delivery process are:  

• Available types of data delivery and do they facilitate an easy integration into your modelling pipeline. 

• Expected frequency of updates of the external dataset and if such frequency is supported by the data 

vendor 
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What is the knowledge of the data vendor in terms of Credit Risk modelling? 

Although not required, it can be very helpful if a data vendor has a modelling department utilising their data. 

From our experience, it gives them practical insights into how their data can be used for modelling and a good 

understanding of its potentials as well as limitations which they are usually eager to share.  

Closing thoughts 

We hope that by sharing our knowledge we could contribute, even in a small part, to bringing the Credit Risk 

modelling within your organization to the next level. It is a crucial area for many institutions nowadays and 

with ongoing innovations in the areas of types of loans, clients and even companies serving as credit providers 

it is important to make sure that your institution has all the information available for making the best decisions.  

The above framework is a broad outline of the steps to take when assessing external corporate credit data 

vendors. Of course, each institution is unique and has their own specific needs as well.  

What is important is to always make sure that all the internal and external data requirements are considered 

in the decision-making process before making the purchase. In case of any doubts how to do that, please, do 

not hesitate to contact us. We are here to help. 
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